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2. Hierarchical approach:
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Bl=  Hierarchical approach [7]

3. Density-based approach:
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Bl= Density-based approach [7]

4. Grid-based approach:
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5. Frequent pattern-based approach:
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6. Model-based approach:
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7. Hybrid approach and others:
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[:x 1] Facebook: http://www.facebook.com

Twitter: http://twitter.com

[:x 2] Hadoop: http://hadoop.apache.org
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